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Comprehensive application of artificial intelligence covers the entire perioperative manage-
ment process in gastrointestinal surgery
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[Abstract] In recent years, with the advancement of computer science, artificial intelligence (AI) technology has devel-
oped rapidly and achieved extensive application results in the medical field. Currently, Al covers the entire perioperative
management process in gastrointestinal surgery, including preoperative early diagnosis, individualized assessment, and as-
sisted decision-making; intraoperative surgical planning guidance and precise surgical assistance; postoperative comprehen-
sive treatment support and prognosis evaluation; as well as the development of smart operating rooms. Al significantly re-
duces the workload of clinicians, improves operational efficiency, and facilitates precise and personalized treatment for pa-
tients with gastrointestinal diseases. However, the lack of standardized and systematic Al models, along with associated
ethical risks, remains challenges that require further resolution.
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